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Advances in research of ant colony algorithm

MA Jun-jian', DONG Zengchuan', WANG Chun-xia’, CHEN Kang ning'
(1. ollege of Water Resources and Environment, Hohai Univ., Nanjing 210098, China;

2. Guangdong Provincial Investigation, Design and Research Institute of Water Conservancy
and Electric Power, Guangzhou 510170, China)

Abstract: The artificial Ant Colony Algorithm (ACA) is a new type of swarm intelligence algorithm with the ability to
successfully achieve better solution to complicated combinatorial optimization problems than other popular metaheuristic
algorithms. The algorithm takes inspiration flom the obsewations of ant colonies foraging behavior with whidh ants can
find the shortest paths from food sources to their nests. Research on ACA have evealed its potential to solve some classic
combinatorial optimization problems, such as TSP, VRP, QAP, JSP, etc. The origin, the development process, and the
methodologies of ACA were systematically reviewed, as well as its impovements and applications. Finally, expectation of

future research on this new metaheuristic algorithm was presented.
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